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Deep Learning together with cisTopic on single-cell and bulk ATAC-seq on melanoma lines reveals melanoma enhancer logic
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Spearman Corr=0.60 (pval=4.6e-63)

By applying this approach to a cohort of melanoma patient
samples, we show that key melanoma transcription
factors can be identified from the convolutional filters.

To validate our models, we tested synthetic cell state specific enhancers using
publicly available® and in-house massively parallel enhancer reporter assays.
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ariants identified from Personalized Cancer
Genomes are exploited by the model
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Cross-species analysis validates the model and uncovers conserved enhancer code

Pipeline to find impact of SNPs
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